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Praise for Profiting from
the Data Economy

“David Schweidel’s book is a highly readable and comprehensive look at the
impact that the Big Data phenomenon is having on both businesses and con-
sumers. Managers can learn the implications of the availability of more data
on how to reach consumers more efficiently and effectively, while taking
consumer privacy and regulatory implications into consideration. This is an
important and timely book.”

—Russell Winer, William H. Joyce Professor of Marketing,

Stern School of Business, New York University

“David’s book is a must-read for those wanting to turn big data into big
value. First and foremost, this book recognizes that it is only through the
combination of better data and statistical knowledge when coupled with
business acumen that corporate and customer value can arise.”

—FEric T. Bradlow, Chairperson, Wharton Marketing Department, K.P.
Chao Professor; Professor of Marketing, Statistics, and Education, Vice-
Dean and Director, Wharton Doctoral Programs, Co-Director, Wharton
Customer Analytics Initiative, The Wharton School of the University of
Pennsylvania

“Every business leader, every data practitioner, every teacher and student
of business should read this book. David Schweidel’s account of analytics
in business is both accessible and thought-provoking. It is a pragmatic
introduction to the way that new levels of insights and the realities of
consumer sentiments in our data-driven world shape the future of business
and the economy as a whole.”

—Rasmus Wegener, Partner, Bain & Company

“An extremely well-written and timely book on data economy. It is full of
case studies and quotes. I particularly liked the discussion on the role of
public policy in protecting consumers from cyber threats.”

—TJagdish N. Sheth, Charles H. Kellstadt Professor of Marketing,
Emory University



“In Profiting from the Data Economy, Schweidel brilliantly and accurately
coins the term ‘digital exhaust’ to label the increasing amounts of granular
data society’s engines generate. This book presents the innovators, regulators,
and consumers who grapple with the opportunities and cautions this new
resource creates, as well as the tools, techniques, players, projects, and legal
issues surrounding Big Data’s ecosystem. As a practitioner of the art and
science of Big Data, I promise this book will engage you. If you are already
involved in Big Data, this will help you understand the landscape—and if you
are not, it will convince you to start paying attention. An equally important
read for consumers, business, public services, and the legal profession.”

—Michael Knight, CEO, CustomerAnalytics.com

“The increasing swath of consumer-level data that is now available to firms
in many industries is enabling a culture of data-driven decision-making in
these organizations. This can make them more efficient and profitable.
Consumers should also realize that by sharing their information with firms,
they can benefit from more personalized and curated products. They need
to get over their knee-jerk reaction to privacy concerns from data sharing
and realize that this give and take is how the world will increasingly operate
in the coming years. Said simply, users have a lot more to gain than lose
from information sharing with firms. This book lays out these important
issues remarkably well and is an absolute must-read for practitioners and
government officials alike.”

—Anindya Ghose, Professor of IT and Professor of Marketing,
and Co-Director of the Center for Business Analytics at
NYU Stern School of Business

“The data-driven world described in Profiting from the Data Economy
identifies an expanding vista for consideration by innovators and management
in the modern enterprise. In this book, David Schweidel addresses how all
stakeholders can benefit from new data, advances in analytics, and new
interpretations of results. This engaging narrative is rich in anecdotes,
analogs, and lessons-learned, and is an important read for all managers,
analysts, and students of analytics.”

—Benn Konsynski, George S. Craft Distinguished University Professor
of Information Systems, Goizueta Business School, Emory University
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Foreword: The Personalized
and the Personal

Fifty years ago, the communication theorist Marshall McLuhan
famously declared that “the medium is the message.” McLuhan’s idea
was that the modern media—no less than the specifics of the content
they convey—affect society in profound ways that merit closer
scrutiny. In today’s world of Big Data, an analogous idea is at play in
the marketing domain.

Many of the concepts central to David Schweidel’s timely and
perceptive new book have been with us for a long time. Business
analytics—the use of data analysis to drive better business decisions—
dates back at least as far as the invention of credit scoring in the late
1950s. In marketing, the use of transactional and customer-level data
dates back at least as far as the introduction of database marketing and
lifetime value methods in the 1980s. So while such terms as “business

>«

analytics,” “data science,” and “Big Data” are new, the activities they

denote are most certainly not.

Yet there are important ways in which the advent of Big Data
represents something fundamentally new. One is sheer ubiquity.
Moore’s Law tells us that the number of transistors that can be fit on
a microchip grows exponentially, doubling approximately every two
years. This has led to commensurately rapid growth in the availability
of inexpensive computing power and data storage. The past decade
has also witnessed a similarly rapid expansion of the quiver widely
available of statistical and machine learning tools and methods. For
example, the contributed packages to the popular, open-source
statistical computing language R has grown exponentially for several
years—a “Moore’s Law” for statistical learning algorithms. As a result,
data scientists can visualize, explore, and analyze complex datasets

with ever greater sophistication.
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At the same time, vivid examples of analytics-driven innovation
have captured the imaginations of business leaders across domains.
In professional sports, the Oakland As used data analytics to tap into
an inefficient market for talent and cheaply hire valuable players
neglected by richer teams.! In politics, the 2012 Obama reelection
campaign paired sophisticated database marketing techniques with
insights from the behavioral sciences to identify and effectively
prompt persuadable voters to cast their ballots for Obama.?> In
entertainment, Netflix is able to analyze rich databases of viewing
patterns for relevant associations among titles, directors, and actors.
One such analysis revealed a significant group of viewers who enjoy
movies starring Kevin Spacey, films directed by David Fincher, as
well as a certain politically themed BBC miniseries. Netflix's remake

of House of Cards was thus built on a firm foundation of data.

In short, data analytics has become a prominent, permanent

feature of a business landscape that Moore’s Law has forever altered.

But the changes ushered in by the age of Big Data do not end
with advances in tools, methods, and executive-level recognition of
business analytics. Society as a whole is experiencing changes that
are no less dramatic. Indeed, one of the signature issues of our time
is the ever-increasing extent to which our everyday activities are
being digitally mediated and recorded. Each time we text a friend,
do an online search, stream a video, make a credit card purchase,
pick up a book on an e-reader, map directions using a mobile app,
buy groceries using a clubcard, “like” a piece of online content, or
make a personal or professional network connection, we leave behind
a digital trace—a transactional record in a database—recording the
activity. The change isn’t simply that organizations know more about
us than they used to. It is that the degree to which they can learn

about us is potentially boundless because so many personal aspects

I See Moneyball by Michael Lewis.
2 See The Victory Lab by Sasha Issenberg



xvi PROFITING FROM THE DATA ECONOMY

of our lives are now digitally mediated. Paraphrasing McLuhan, the

digital medium of personal data collection is the message.

Personalized marketing promotions and collaborative filtering-
generated book, movie, song, and news article recommendations are
now part of everyday life. But they mark only the beginning of what
is possible. The digital mediation of our daily activities can also bring
forth unexpected innovations, mash-ups, and new business models.
For example, a large supermarket chain is able to use its clubcard
data to predict which of its customers is at high risk for diabetes.?
Insurance companies use personal credit scores (originally invented
to underwrite mortgages) as behavioral proxies that turn out to be
surprisingly predictive of who will crash their cars. The University
of Cambridge psychometrics lab reported being able to predict both
sexual and political orientation—as well as basic personality types—

using nothing more than social media “like” data.*

While personal privacy concerns are never far from the surface
of such applications, one can imagine socially desirable innovations
as well. Returning to our examples, the previously mentioned
supermarket chain makes its diabetes predictions in order to encourage
at-risk customers to seek medical advice. Some auto insurers are now
collecting telematics data that capture moment-by-moment details of
their insured’s driving behavior. Such data can certainly be used in the
traditional ways: to make ever-more refined promotion, underwriting,
and pricing decisions. But one could also imagine pioneering insurers
offering a new type of data product: personalized “report cards”
detailing drivers’ specific strengths and weaknesses, designed to help
student drivers learn, experienced drivers remain sharp, and elderly

drivers safely stay behind the wheel longer. One can even imagine

3 See “Tesco: Clubcard data could be used to help shoppers make healthier eating
choices”, The Grocer, May 23, 2013.

* See “Private traits and attributes are predictable from digital records of human
behavior” by Michal Kosinskia, David Stillwell, and Thore Graepel, Proceedings
of the National Academy of Sciences.
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the sorts of analyses performed by the Cambridge psychometrics unit
being used—on an opt-in basis—to make friendship or matchmaking

recommendations.

Such digital innovations must be evaluated and implemented
using not only economic and technological frameworks, but
regulatory, societal, and ethical ones as well. The MIT Media Lab
professor Alex “Sandy” Pentland remarked that because “digital
breadcrumbs™ are about people, “there are enormous issues about
privacy, data ownership, and data control. You can imagine using
Big Data to make a world that is incredibly invasive, incredibly ‘Big
Brother’... George Orwell was not nearly creative enough when he
wrote 1984.”5 Regardless of where one draws the line between the
usefully personalized and the excessively personal, it is clear that not
all technologically possible data innovations will be socially desirable
ones. Companies, consumers, and regulators will need to work
together to determine where the lines should be drawn. David’s book
is a worthy entry in a much-needed new genre.

—James Guszcza, Deloitte Consulting

> See the edge.org conversation with Alex (Sandy) Pentland: “Reinventing Society
in the Wake of Big Data.”



Preface

We are constantly being watched. I don’t intend this as hyper-
bole or as a means of criticizing national security efforts. Nor is this
intended to be part of the description for a television series or movie.
Rather, I say this as a statement of fact. From our website browsing
to our shopping behavior, such routine activities generate volumes
of data that are archived by both public and private entities. From
a marketing perspective, the “data exhaust”—the data we generate
through our activities—has the potential to be a valuable resource, a
new source of insights into which organizations can tap to learn about
consumers. But, with our activities monitored by retailers, advertis-
ers, and social media platforms, a legitimate question arises as to what
individuals should expect in exchange for unfettered access to their
data exhaust. While the exchange occurs between the consumers
providing their data and the organizations making use of it, recent
reports from government agencies and proposed legislation suggest
that efforts to capitalize on consumers’ data exhaust may meet regula-
tory scrutiny.

These three parties—consumers, businesses, and regulators—
will all be active players in the data economy. The building of the data
economy is still in progress, and it changes on a regular basis. In some
cases, these advancements are minor. In other cases, the landscape
is irrevocably altered, leaving us to question where we go from here.
In this book, I offer a look at the role of the three players in the data
economy and how each—now and in the future—affects how data-

driven insights will reshape marketing practice.



1

Beyond Big Data

While there has been a lot of discussion around the term “Big
Data,” much of the discourse treats this as an abstract idea rather
than a system in which we are all active participants. While the term
has become ubiquitous, interest in the topic has not waned. A Google
search for the term turns up approximately 13.7 million search results.
A snapshot of Google Trends reveals the meteoric rise of queries for
Big Data beginning in 2011 and increasing ever since then.! Searching
archived Twitter messages using Topsy reveals more than three mil-
lion tweets referencing Big Data and in excess of two million tweets

mentioning #bigdata.

Some contend that this marks a dramatic shift in what businesses
and organizations are capable of doing. Others deride or critique it.
Author and Duke University professor Dan Ariely likened Big Data
to teenage sex: “Everyone talks about it, nobody really knows how to
do it, everyone thinks everyone else is doing it, so everyone claims
they are doing it.”> Whether you're an ardent believer that the Big
Data revolution is the best thing since sliced bread or you're skeptical
of the buzzword, there is no disputing the fact that more attention is
being paid to the topic.

This attention isn’t just coming from corporate broom closets
where statisticians are huddled over computers and poring over the
output from complex analyses. Instead, data and analytics are gar-

nering attention in the C-suite. In some companies, these topics fall
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under the purview of the CIO, whereas they are part of the CMO’s
responsibilities for other companies. We've also seen the emergence
of the chief data officer. Although you might expect to see this posi-
tion at a financial institution or a company based in Silicon Valley,
advertising juggernaut Ogilvy and Mather appointed its first global
chief data officer in August 2013.3

The interest in capitalizing on the abundance of data extends
beyond the boardroom to the public sphere. Microtargeting in politi-
cal races was used as early as 2004. Local governments are also get-
ting in on the act, with Philadelphia Mayor Michael Nutter naming
the city’s first chief data officer in 2012 and New York City Mayor
Michael Bloomberg appointing the city’s first chief analytics officer
in 2013.

Searching for the Next Generation
of Quants

Why are companies, campaigns, and governments focusing on
individuals with a knack for data? Probably the same thinking that led
Hal Varian, an emeritus economics professor from the University of
California at Berkeley and chief economist for Google, to proclaim
in 2009 that “the sexy job in the next ten years will be statisticians.”™
If you're able to extract insights and act upon them, they can pro-
vide a strategic advantage. Across different types of organizations,
statisticians can contribute immensely to improving operations, from
increasing efficiency and cutting costs to increasing revenue. How-
ever, being well versed in statistics isn’t enough. What many orga-
nizations are seeking is a data scientist with the holy trinity of skills:
someone with expertise in a particular field, coupled with knowl-

edge of sophisticated statistical tools, and the technical expertise to
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develop and implement these algorithms on a large scale. This is often

depicted as a Venn diagram (see Figure 1.1).

Programming

/N

Domain
Knowledge

Figure 1.1 Data Science Venn diagram

Are they searching for mythical unicorns? Not necessarily. Both
presidential campaigns in 2012 had chief data scientists. According
to the vice president of Big Data products for IBM, a data scientist
is “part analyst, part artist.” It’s not enough to crunch numbers in
the background. The findings from advanced analytics are only as
good as the way in which the insights are communicated to key deci-
sion makers. When we talk about using marketing analytics to guide
strategy, we're not just talking about a set of curve-fitting exercises.
Instead, we're talking about storytelling, informed by data, which has
the potential to inform decision makers.

Are these three skills all essential, or can we get by with some-

one who is lacking one of them? With knowledge of statistics and the

ability to code, a researcher can make data sing. However, although
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this may be sufficient from the standpoint of conducting research,
what practical decisions can they support? Without a sufficiently deep
understanding of the domain in which they're operating, the impact
of the insights on strategy will be limited. Meanwhile, someone who
understands statistical models and knows the domain in which they
operate is valuable from the standpoint of producing insights, but
they are limited in their ability to convert those insights into a scal-
able solution. We similarly run into problems if individuals are fluent
computer scientists but lack knowledge of the statistical models that

are often used for evaluating business decisions.

Universities are making an effort to address the significant talent
gap. Many have started to offer programs that tap into the interest in
Big Data and data science. North Carolina State University, through
its collaboration with SAS, launched the Institute for Advanced Ana-
lytics and offers an M.S. in analytics. At New York University, you'll
find the Center for Data Science offering an M.S. in data science, as
well as an M.S. in business analytics offered by NYU Stern School of
Business. The marketing department at the Wharton School of the
University of Pennsylvania houses the Wharton Customer Analytics
Initiative, while the operations and information management depart-
ment offers a track in business analytics. Northwestern University
offers an M.S. in predictive analytics through the School of Continu-
ing Studies, while Northwestern Engineering houses the M.S. in ana-
Iytics. You'll also find an M..S. in analytics offered by the University of
San Francisco and an M.S. in marketing analytics at the University of

Maryland.

From this small sampling of the programs and the initiatives that
have developed in higher education around analytics, you can start
to see why it’s difficult to prepare students for the roles that orga-
nizations are seeking to fill. There’s a fundamental question about
where the appropriate training for dealing with data takes place. The
two logical schools in which programs focusing on Big Data would

emerge are business schools, where the insights have the potential to
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guide decisions, and computer science and engineering departments,
where the technical tools may take center stage rather than strategic

decisions.

From Big Data’s Past to Its Future

The two sides of the Big Data coin may go back as far as the origin
of the term. According to The New York Times story by Steve Lohr,
author Erik Larson wrote a piece for Harper’s Magazine in 1989 that
was subsequently reprinted in The Washington Post.% In it, Larson
discusses the direct marketing industry and its practice of merging
different facets of consumer data. Decades before data privacy and
transparency came into the vernacular, Larson suggests that the
“keepers of big data” will “track you for the rest of your consuming
life—pitch you baby toys when you're pregnant, condos when you're
fifty.””

Interestingly enough, Lohr doesn’t ascribe credit for the term
“big data” to Larson. Instead, he argues that credit should go to John
Mashey, chief scientist for Silicon Graphics in the 1990s. When que-
ried about the use of the term, Mashey told Lohr that “T was using one
label for a range of issues, and I wanted the simplest, shortest phrase
to convey that the boundaries of computing keep advancing.” Lohr’s
logic in giving Mashey credit for coining the term was that it “should

go to someone who was aware of the computing context.”

Regardless of to whom you feel credit is due, this exercise into the
ancestry of one of today’s most common phrases within technology
and business circles offers a curious perspective. Larson exposes the
potential benefits and risks associated with compiling disparate pieces
of data. Like a jigsaw puzzle, each individual piece of data does not
reveal much about the person who produced it. But assemble enough
of these pieces, and the full picture begins to emerge. The image that

Larson describes is one based on mortgage and tax records, consumer
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surveys, and records from the Census Bureau. Compared to what
we're capable of seeing today, what Larson envisioned may appear
to look like a five-year-old’s finger painting tacked onto a refrigera-
tor, hanging next to a digital photograph taken with the latest digital
SLR camera on the market today. The possibilities that he described
pointed in the direction of the path that we eventually traveled. How-
ever, we have gone leaps and bounds beyond what many would have

imagined in the past.

For that, credit is certainly due to technology. Dramatic increases
in processing power have paved the way for sophisticated market-
ing analysis to be conducted on desktop computers instead of main-
frames. Rather than speaking in terms of census tracts, we can now
talk in terms of individual households or, better yet, members of the
household. Retail purchase records from scanners in grocery stores,
once heralded as a major advance for the marketing profession, pale
in comparison to the amount of data produced by consumers visiting
websites and making purchases online. None of what we are talking
about today would be possible were it not for technological advances.
At the same time, credit should be given to those who had the fore-
sight and saw potential opportunities to put such granular data to use.

These two forces, working in parallel, heralded the age of Big Data.

Characterizing Big Data

One of the most frequent ways in which Big Data is defined is in
terms of the 3 V’s: volume, variety, and velocity. As the term implies,
anything falling under the umbrella of Big Data is large in size. Some
have taken this to mean anything that is too voluminous to be stored
on a desktop computer. Multiple students have expressed interest in
studying Big Data, which I've generally taken to mean that they are

interested in using software that can handle more rows than a single
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spreadsheet in Microsoft Excel can accommodate. (Excel has a cur-
rent limit of just more than one million rows—a vast improvement to
the 65,536 rows of the previous version of the software.) In addition
to the size of the data being stored, Big Data often comprises a vari-
ety of formats. On top of the quantifiable data (or “structured data”),
Big Data encompasses “unstructured data” such as text comments,

images, and multimedia file types.

Perhaps the most important of the 3 V's is velocity. It is the veloc-
ity with which the data are collected and must be processed that can
separate Big Data problems from those that simply involve large
quantities of data. One illustration of problems that require data to be
collected and processed rapidly is real-time marketing. Whether it is
an auction to determine the order in which advertisements will appear
alongside search results or targeted messages based on an individual’s
mobile browsing history and current location, such problems require

that data be processed rapidly.
Walt Disney World maintains an underground bunker called the

Disney Operational Command Center to ensure that the theme park
operates smoothly. Its staff may attempt to increase the speed with
which visitors are moving through the queue of a ride if they find
that it is too long, or dispatch costumed employees to entertain guests
while they wait.’ If visitors are moving through rides more efficiently
and having a more pleasant experience at the park, they’re apt to have
more time during which they can visit stores and restaurants in the
amusement parks, which provides Disney with additional revenue
from its visitors. Phil Holmes, vice president of the Magic Kingdom,
noted that “if we can increase the average number of shop or restau-
rant visits, that’s a huge win for us.”

While the majority of cases discussed in this book focus on mar-
keting applications, perhaps one of the most important applications

of Big Data today is security. Although Disney’s objective may be
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to minimize wait times or maximize visitors’ expenditures, imagine
if we could apply similar approaches to law enforcement? Consider
the FBI's development of its Next Generation Identification (NGI)
system, which will explore the use of facial recognition tools.” Such a
system could be used after crimes have been committed, comparing
the footage from security cameras to databases that have been com-
piled previously. If such technology could be deployed more rapidly,
it has the potential to reduce the resources that need to be committed
to pursuing offenders. For such tasks, time is of the essence. Faster
processing of the available data can contribute not only to cost reduc-

tions but also to improvements in public safety.

Although the 3 V’s are common to problems that fall under the
auspices of Big Data, they ignore at least two other critical factors.
First, there are issues as to the veracity of the data. No one ques-
tions that there is a lot of data available, but organizations trying to
cut through the noise and identify the signal must ask themselves if
they can trust the different data streams available. When decisions are
being based on the results of data analysis, the findings are meaning-

less if the data on which they are based is biased in some way.

This has been one of the concerns raised by marketers about the
potential use of social media data. Although such data are generally
available, do the comments scraped off the Web reflect the thoughts
of a brand’s entire customer base? Neglecting to account for known
biases in social media data could contribute to problems such as over-
estimating the importance of an issue to consumers or failing to cap-

ture shifts in brand sentiment.19

Second, and more important, is the value of the data. Many orga-
nizations talk about having a Big Data strategy. If they’re referring to
a plan to warehouse and access data relevant to their organization,
there’s nothing wrong with this statement. In fact, more organizations
would probably benefit from having a well-thought-out strategy that

integrates the IT function with the appropriate business processes.
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The problem is, though, that they're often not referring to how data
will be stored and made available to users. Instead, they're using
the term “Big Data” as a crutch. Rather than thinking through what
they are trying to achieve and gathering data that are appropriate to
addressing those goals, they believe that they have a foolproof strat-
egy: track “everything.”

Is Big Data a Strategy?

Here’s the problem with this so-called strategy. Suppose that
reams of data are captured. All that we’ve done is kick the can down
the road. Deep in the recesses of the warehouse we've built, in the
multitude of haystacks we’ve collected, is the golden nugget that we’ve
been looking for. The problem is that we now have to go through each
of those haystacks. And, more likely than not, we’ll find something.
Whether we can do anything with what we find is another story. The
focus on collecting more and more data has obscured what we should
have been asking ourselves from the start: What actions are we going
to take?

It's true that data are necessary to derive insights, and those
insights inform the actions we take. However, thinking strategically
requires that we work backward. Asking first what it is that we're try-
ing to do, we can then identify the insights needed to inform such
actions. Based on the insights we need, we can back into the data that
are needed to yield such insights. If we start blindly by compiling data
without considering where we're trying to end up, we run the risk that
we've created more work for ourselves because we now have to sift
through mountains of irrelevant data that have been captured in our

dragnet.

The challenges faced by many organizations, from city govern-

ments to publically traded corporations, don’t require Big Data.
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Rather, these organizations should be taking a look at the key issues
they're facing and considering how those issues can be investigated.
It’s not that more data are necessarily better. Sometimes more data

are just more.

What the conversation should be focused on are the data that will
lead to bigger insights. Sometimes this does in fact require more data
or different types of data. In other cases, it requires rethinking the
assumptions we currently hold and applying a different type of analy-
sis. In specific circumstances, Big Data may be the raw fuel powering
these insights. However, on its own, Big Data doesn’t tell us what we
should be doing. It doesn’t tell political campaigns in which media
markets to place advertisements. It doesn’t tell retail stores to whom
to send coupons. It doesn’t tell city agencies how best to use their lim-
ited resources. Making such recommendations is where the artistry in
data science comes into play. If Big Data is a natural resource, then
the advanced statistical tools employed by analytic professionals and
data scientists serve as the means of extracting and refining the raw

material into something of value.

A colleague has suggested that Big Data is like “rocket science.”
There are actually people who are doing rocket science, but the com-
mon use of the phrase extends beyond the well-credentialed few.
There are indeed organizations that are knee deep in Big Data, but
the phrase has become a catchall for most things involving data. Like

it or not, we are living in the age of Big Data.

Data Versus Insights

For all the interest in Big Data, this is not a book about Big Data.
This book is about what can be done with Big Data. More accurately,
it’s about what can be done with data, both the good and the bad.
When Larson first mentioned the “keepers of big data” back in 1989,
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companies such as Google, Facebook, and Amazon.com didn’t exist.
And yet, marketing analytics and targeting were alive and well—per-
haps not as efficiently as they are implemented today, but the ability
to draw a portrait of a person based on multiple data sources was
practiced by Claritas, Inc., which was eventually acquired by market-

ing research behemoth Nielsen.

The insights produced to serve marketers didn’t hinge on the
amount of data available to them. Instead, it was based on under-
standing how the available data could be put to use. Larson tees up
ideas that are relevant even today, if not ahead of their time, such as
permission-based marketing and consumers receiving compensation
in exchange for their data. And yet, he determines that he isn’t con-
cerned because the organizations involved in direct marketing and
the entities that provide organizations with access to consumer data

“don’t really know what they’re doing—at least not yet.”

What makes the present day different from 19897 For one thing,
organizations are much more versed in what can be accomplished
with the right data. In addition to knowing what can be done with
data, there’s also more data available. The data exhaust—the digital
trail produced by consumers through their everyday activities—is a
potential goldmine. Although there are ample opportunities for orga-
nizations to leverage available sources of data, let’s not assume that
consumers are victims. Consumers have options at their disposal,
and their choices have the potential to separate the winners from the

losers.

Organizations of all stripes can be developed or refined based on
the insights afforded by consumer data. As organizations have come
to realize the tremendous potential that can be extracted from con-
sumer data, the winners will be determined by those who have access
to the data they need—that is, those who provide a compelling reason
for consumers to share this data with them. Focusing on businesses,

this is predicated on an exchange. Neither party has a gun to the head
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of the other. Consumers and organizations are both willing partici-

pants in this data economy.

Data and Value

As with other economic systems, at the heart of the data economy
is value. As we will discuss, organizations have made it clear that they
see tremendous value in consumer data. Some have explicitly said
as much. Others have revealed it through their actions. Depending
on the organization we're discussing, there are a number of ways in

which detailed data have been turned into value.

Collecting and storing data should be viewed as an investment.
As with other investments, the question that organizations should be
able to answer is, what is the payoff associated with compiling data-
bases? Police forces, for example, have turned to predictive analyt-
ics. In addition to the hardware and software investment, there’s a
cost associated with hiring the analytic talent to conduct the necessary
analyses. Here, the payoff can be viewed as increased public safety, as

manifested through a reduction in crime.

Google demonstrated that certain search terms are correlated
with flu activity.!* From a public health perspective, such informa-
tion could be useful in determining when it is most essential to ramp
up efforts to encourage individuals to get vaccinated. Health insur-
ance providers may take such efforts upon themselves, looking at the
potential savings associated with reducing the number of hospital-
izations. Employers may also promote vaccinations, hoping to curb
the amount of worker productivity that is lost due to workers taking
time off to recuperate. Viewing this problem from another perspec-
tive, pharmaceutical companies could identify the value of such data
if it would enable them to make more efficient use of their marketing

budgets. As you can see from this one example, the potential value
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associated with a particular piece of data depends on the organiza-

tion’s goals.

Although these two illustrations demonstrate what can be gained
by organizations turning to data that is generally available, consider
briefly data that may not be available for public consumption: a con-
sumer’s purchasing habits. Consider simply the question of how
strongly you prefer Coca-Cola to Pepsi. If Coca-Cola knew which
consumers were only interested in its products, which consumers
were only interested in Pepsi’s product, and which consumers did not
have a strong preference, it might change the way it approached mar-

keting to each of these different consumers.

It might decide, for example, to spend just enough on marketing
to loyal Coca-Cola consumers to encourage them to purchase more
frequently. For these consumers, though, the company is not worried
about them switching over to their competitor. For those consumers
loyal to Pepsi, it may not make sense for Coca-Cola to exert any effort
marketing toward these individuals. If their brand preferences are so
strongly in favor of Pepsi over Coca-Cola, there’s little that Coca-Cola
would be able to do to sway them. For the consumers in the middle,
perhaps that’s where Coca-Cola’s (and Pepsi’s) marketing efforts have

the potential to have the biggest impact.
Coca-Cola and Pepsi, as well as all other publically traded com-

panies, are in the businesses of what’s best for their shareholders,
but we could also apply the same thinking to the presidential elec-
tion. Across the country, there are states that are deep blue and there
are states that are deep red. Although a candidate could pour money
into advertising in those states where his party has not fared well his-
torically, barring a huge shift in the demographics of the state, such
advertising expenditures are not expected to yield much of a payoff.
Instead, what we are left with is a deluge of advertising concentrated
in battleground states, specifically in counties where the advertising is

expected to yield the biggest impact.
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As we'll discuss in more depth, not all data are equally valuable.
Detailed data about the television programs viewed by a voter who
lives in Wisconsin’s Dane county are likely to be of less value com-
pared to the same data about a voter who lives in Ohio’s Hamilton
county. Some pundits considered both Ohio and Wisconsin to be bat-
tleground states, so why the difference in the likely value of data from
voters in these two counties? Dane county leans heavily to the left, as
reflected by the 71.1% of the vote received by President Obama. In
contrast, President Obama received only 51.8% of the votes coming
out of Hamilton county. Political advertising can exert some sway on
voters, but there’s a limit to its effectiveness. Given the strong leaning
of Dane county, not much could have been done there by either party
to sway voters. Hamilton County, in contrast, was identified as one of
the seven most important counties in the 2012 election by The Wash-
ington Post.12 If campaigns knew the programs that different types of
voters in Hamilton county were watching, such data could be used to
ensure that advertising occurred in the programs viewed by the vot-
ers they were most interested in reaching. Regardless of context, the
determining factor in how much data are worth to an organization is
based on what the organization can do with the data and whether hav-

ing the data can potentially further the organization’s goals.

Although the ability to take actions that affect consumer behavior
is necessary for data to be of value, a few other conditions will affect
just how valuable an individual’s particular data are to an organiza-
tion. First, there needs to be a sufficient number of consumers who
are “like you” with regard to your preferences and attitudes. If your
outlook is so idiosyncratic that an organization can’t identify other
consumers who are similar to you, it’s simply too inefficient for that
organization to acquire your data and take actions tailored to you.
There just isn’t the scale for this to be viable. Fortunately, it turns out
that consumers are not as different from one another as they might

think. Or, more precisely, they are similar enough that they can be
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grouped together into consumer segments, enabling organizations
to pick and choose the segments on which they want to focus their
efforts.

In addition to there being enough consumers like you, how much
an organization is willing to spend on your data hinges on how valu-
able you (or the segment to which you belong) are to the organization.
Frequent travelers are of interest to the airline and hotel industries
because of the volume of business they generate, so they may provide
these individuals with a separate telephone number for customer ser-
vice, express check-in, or other perks. Casinos pay particular attention
to their high rollers and provide them with a number of complimen-
tary offerings to attract and retain their business because the amount
that the casino stands to gain from the individual’s gambling activities
can be quite substantial. Undecided voters in swing states are tar-
geted because they can decide which presidential candidate receives
the state’s electoral votes. In short, the segment has to matter to the
organization.

With all these factors in place, ultimately the value of your data
to organizations depends on how readily available such data are from
other consumers. Although all consumers may be distinct from each
other, the intent in forming a small number of market segments is to
identify groups of consumers who are similar enough to each other
and sufficiently different from other consumers. Claritas put this into
practice with its Potential Rating Index for Zip Markets (more com-

monly referred to as PRIZM) segmentation scheme.

Members of the Executive Suites segment, for example, tend to
place orders at barnesandnoble.com, play golf, and watch Saturday
Night Live. This segment consists of upper-middle class singles and
couples who typically work white collar jobs. In contrast, although
the Bohemian Mix segment falls into the same age range, they are
more inclined than the Executive Suites to live in cities and more

likely to have children at home. Their media and lifestyle habits also
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differ—they express an interest in foreign films, are more likely to

rent rather than own their home, and are more likely to read GQ.

Organizations must determine which of the segments are of inter-
est to them so that they may focus their efforts on those segments.
Once that has been determined, though, it doesn’t matter which par-
ticular individuals from the segment provide data to the organization.
If other consumers like you are willing to share their data with orga-
nizations at no cost, then that's how much the organization should be
willing to spend on data acquisition. However, if each individual in
a segment has determined that there is a minimum the organization
must offer for someone to be willing to share the data, then it may be

in the organization’s interests to invest in acquiring this data.

Value for Value

The ideas being put forth here are not new. The core ideas that
we’ll discuss are at least 20 years old. However, since these ideas were
first introduced into the public sphere, the landscape has irrevocably
changed. Disturbingly, some of the ways in which these changes have
occurred may have gone unnoticed.

First, consider the digital marketing platforms available to organi-
zations today. Although consumers may be most familiar with Google
as a search engine or a “free” email provider, at the end of the day,
Google is an advertising platform. Likewise, although we may think
of Facebook and Twitter as social networking products, these too
are advertising platforms. We don’t pay a monthly fee or a one-time
charge for the rights to use these tools. Rather, we pay every time we
use the tools—each query entered into Google, each time we send an
email message, each time we view a video on YouTube. With every

Facebook post and each tweet we send, we re paying these companies.
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Online platforms will give way to the Internet of Things and con-
nected devices. The notion of the “quantified self” is only beginning
to become concrete, with fitness products and other forms of wear-
able technology. In exchange for what we learn about ourselves based
on the data we generate, perhaps in pursuit of our personal goals, we
adopt technology and share our data with the developers of the tech-
nology. In doing so, we're paying with our actions, with the data that
we produce. And there’s absolutely nothing wrong with that, so long

as we're aware of what we’re doing.

Consumer awareness took on broader significance with the rev-
elations offered by Edward Snowden’s disclosure of documents that
detailed the surveillance activities undertaken by the National Secu-
rity Administration (NSA). Many had talked in vague terms about “big
brother” watching us. Set in the aftermath of 9/11, the CBS drama
Person of Interest presents a machine that can identify those involved
in crimes before the events take place, gathering data through traffic
cameras and other devices. In 2008’s The Dark Knight, Batman builds
a machine that turns every cell phone into a microphone, allowing him
to build a citywide surveillance system to aid him in finding where the
Joker is located. Like these fictitious examples, the NSA’s surveillance
activities may have been well intentioned. However, in the wake of
the information that has come to light, there is increased interest in
organizations being transparent about the data they are collecting and

how such data are being put to use.

The interest in data transparency permeates the marketing field,
as well as the regulatory environment in which companies must oper-
ate. In 2012, the Federal Trade Commission (FTC) issued orders to
a number of companies to disclose information about data collection
and usage practices.!® In a March 2012 report, the FTC urged com-
panies to improve transparency in their data collection efforts. In the
same report, there is a call to increase consumers” knowledge about

the data practices in which companies engage.
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Despite the growing interest and potentially increased scrutiny,
how exactly will organizations” data collection and usage practices
change from what they have been historically? And, more important,
do consumers care? Whereas the answer to the first of these questions
is something of a moving target, the second question is more impor-
tant. After all, to what extent do consumers need protection against
large organizations’ data-hording activities if they are informed of

such activities and are not fazed by it?

Forrester examined the second of these questions in a 2012
study.!* Distinguishing between behavioral data (such as your online
browsing history or your purchase history at a retailer) and individual
data (for example, your address or Social Security number), it found
that all age groups were more concerned about how companies used
individual data, with older consumers more wary than younger con-
sumers. The study also found that exclusive deals attract a majority of
young consumers to share their data with companies, but the appeal
of such incentives do not attract older consumers nearly as much.
Mirroring this, the study found that a larger share of older consumers
do not complete an online transaction because of something they read
in the company’s privacy policy.

So what can be gleaned from these findings? It turns out that
consumers are actually concerned with how companies are making
use of their data. Although that might seem like a dark cloud hanging
over marketing, it’s important to note that consumers’ concerns vary
with the type of data being collected and across different consumer
groups—and these data collection practices do appear to impact con-

sumer expenditures.

As we’'ll discuss, one option for organizations is to collect the data
about which consumers are less sensitive and hence more willing to
share. However, the key is for the organization to engage consumers
like they would approach another collaborator. The consumers have
something that is of value to the organization. With access to such

information, organizations may change their practices. Marketing
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expenditures may be made with increased precision. Product lines
may expand or contract. Consumers may see a more targeted mes-
sage. New businesses may develop to meet the consumers’ needs. All

these practices may rely heavily on access to the right consumer data.

If we're willing to share data with companies, consumers have
much to gain, as do the businesses that develop if they are success-
ful. It is simply a matter of an exchange—consumers are more willing
to share their data if it is clear what they are getting in return. That
payment may be in the form of financial compensation or access to
a product or service. The idea of an exchange, where value is traded
for value, is straightforward enough. However, as recent events have

revealed, a host of issues are related to conducting such a transaction.

At the same time, there are also issues focused on the protections
that must be in place for consumers. Questions about the information
that organizations should present to consumers and the measures that
should be taken to ensure that consumers’ data are secure need to be
addressed. Just as there is the potential for businesses to grow larger
than we would have imagined, fueled primarily by innovative think-
ing about how consumer data can be used, there is also potential for
such data to be exploited and considerable harm levied against con-
sumers. And because of this, there is a legitimate question as to what
the role of the government should be. Is a watchdog agency akin to
the Consumer Financial Protection Bureau needed to oversee such
exchanges? Alternatively, should market forces dictate who will and

will not have access to consumer data and how much it is worth?

The next few chapters look at success stories that have emerged
in business, where a good part of the companies’ successes have been
thanks in no small part to the data provided by their consumers. We'll
also see how existing businesses have refined their practices by lever-
aging more detailed information about consumers. In addition, we’ll
see the benefits that the public has accrued through the innovative
work of government agencies using many of the same tools employed

by businesses.
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With these exemplars of what is possible as a backdrop, we’ll
cast a critical eye on the current exchange in which consumers and
organizations participate. Although this model functions well in some
regards, we put forth reasons that suggest that it may be in need of
updating. There are some signs that these revisions are already under-
way. Based on these harbingers, we'll discuss the structure that may

be needed to support the burgeoning data economy.

Taking into account the events that have unfolded in recent
years—{rom Internet giants and social networking sites coming on
the scene, to interest in data, infographics, and statistics going main-
stream—this book is not an attempt to predict what course we’ll chart
in the near future. However, given how we have seen organizations
use data and current activities, there are indicators that suggest a
potential direction—one in which consumers, businesses, and the

public all stand to benefit.
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